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Introduction

Due to the special climatic conditions of arid and semi-arid regions such as Iran,
groundwater is considered a vital and strategic resource. Population growth and increasing need
for water, coupled with limited surface water resources, put severe pressure on groundwater
resources. This can lead to irreversible consequences for ecosystems and hydrological cycles.
Therefore, proper management and careful planning in watersheds are essential to ensure the
sustainability of water resources and the preservation of ecosystems dependent on it. The
spatial distribution of vegetation is strongly influenced by climatic conditions, especially
precipitation and temperature. A drought is a prolonged dry period in the natural weather cycle
that can occur anywhere in the world and is a slow-onset disaster characterized by a lack of
rainfall and therefore a lack of water.

According to studies, it is estimated that 55 million people worldwide are affected by
drought annually, and this drought is the most serious risk to livestock and agricultural products
in almost every part of the world. Rising temperatures caused by climate change are making
arid regions drier and humid areas wetter. In this study, this study aims to investigate surface
and groundwater resources and the distribution and classification of drought in the study area
of Hamadan Plain. For this purpose, using extracted images from the MODIS and Grace and
Landsat 8 satellites, we investigated the trend of changes in each of the parameters in the period
from 2003 to 2016.

Method

Landsat satellites with low spatial resolution and high temporal resolution make it possible
to monitor atmospheric changes on a large scale. Climate satellites also play an important role
in measuring atmospheric parameters. These data provide researchers with actual
evapotranspiration, cumulative precipitation, and runoff. Groundwater is a vital and strategic
resource for communities, and it requires careful and continuous management and monitoring.
Grace satellite images are an efficient and effective method of monitoring groundwater level
fluctuations. In this study, 168 Grace Satellite images from the Hamedan Plain from 2003 to
2016 were analyzed. The Grace satellite, an advanced dual-gravity satellite, was launched by
NASA and DLR in 2002, and its scientific mission ended in 2017. The study examines and
analyzes satellite images with special precision. This research includes the following stages:

1. Benefit from the advanced Google Earth Platform and JavaScript programming
language for satellite image processing. Google Earth Engine, as a powerful and free tool,
provides researchers with a wide range of possibilities.

2. Selection and processing of satellite images related to the study area (Hamedan Plain)
in a specific period (2003 to 2016), and applying appropriate spatial and temporal filters for
the desired area.

3. Analysis of gravitational images of Grace Satellites processed by different centers. Each
center processes raw data with its own algorithms, but due to differences in methods, the
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resulting values also vary. Therefore, the use of multiple average values and algorithms
increases the accuracy of the results.

4. Improving the quality of results by resampling processed data at high spatial resolution
(e.g. 300 meters).

To conduct the present study, the Google Earth Engine system and the JavaScript
programming language have been used. Google Earth Engine enables users to perform their
calculations on large amounts of data without the need for powerful systems. After recalling
the Modis product and applying spatial and temporal filters in the first place, in the second
place, the cloud mask from the collection of images was taken. In the third place, after selecting
the NDVI band, the NDV1 average image was created for all months of the year. In the fourth
place, after calculating the minimum and maximum values of the NDVI index, the VVCI index
for 2003 to 2016 was calculated. Finally, to analyze the values of this index and the vegetation
status of the region, the VCI map was classified into three classes: no vegetation, medium
vegetation, and rich vegetation, and the area of each class was calculated in terms of percentage.

Results

In the surface runoff section, the average discharge of Hamedan Plain from June 2003 to
December 2016 was 0.512 m®/s and the highest runoff was related to February, March, and
April of each year. Also, a decrease was shown in groundwater level in the Hamadan-Bahar
plain by 31.05, 29.52, and 35.11 cm, respectively. Finally, according to the NDVI index, which
is the basis for calculating the VCI index, the overall Geezi result was obtained as follows: The
area is in a low to moderate vegetation state. Also, according to the results of the VCI
classification, the worst conditions were related to June 17, 2008 with a rate of 4.1%, and the
best conditions were related to April 23, 2010 with a rate of 86.2%. Also, by examining the
indices of VCI, TCI, VHI, SVI, the drought severity of the study area was in the medium
category according to the two indices of VCI and TCI and the results of the other two indices
indicated severe drought.

Conclusion

This study aimed to investigate the changes in surface and subsurface water resources,
considering the severity of drought from 2003 to 2016 in Hamadan city. In summary, based on
the results of the Landsat satellite, the long-term average runoff value of the region was 0.512
mq/s, with the highest discharge in proportion to the highest rainfall months in the region in
February, March, and April. In the analysis of the results of groundwater level changes based
on three databases GFZ, CSR, and JPL, the distance between the maximum and the lowest
level changes was 29.52, 31.05, and 35.11 cm, respectively. In the last part, TCI drought indices
indicate moderate drought and based on vegetation indices, are classified as high drought
intensity. Also, based on the classification map, most of the land in Hamadan city was classified
as barren and with low vegetation.
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20- Remote Sensing
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19- Geographic Information System
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Figure 2. Vegetation Condition Index (\VCI)
classification map - Hamedan Plain
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23- Enhanced Vegetation Index

£5

Awle igd o0 SUO P Ddejlhs ool cud (5,
el 00l &1 (V) adal) jo sl oyl

_  (NDVI-NDVI min)
VCI = -
(NDVImax — NDVI min)

M)

Gk 5 NDVImin o NDVImax alal, -pl o
oloys (gl (Voo A=Y+ Y +) Suwjlyo soicud slrosls
Ll 00l dmle

oS Sy 09l oo b 2o 10 cans 5 VCI y0las
ole 5l NDVI e sl s jo Ve v 5l VCI lade

(5 Sa35 Wi (e 4 NDVI Jlaia 5
eon S5 eSS Cupny g

S s i ge Susj o 4 VCI o s
Jolsd 6l VCI 1S olie g cuwl Saz [l ole S
Jeaz o0 b JluSes shojla o )lil ¢ 0,0 0 S
ol leslan IL Jlo a5 sal gaaad o)
Sl oas &1, VCI
oLl ool b (JlucSias oo gandib -) Joux

VCI

Table 1. Drought severity classification using the VVCI
index

Class number VCI Index (%) Vegetation condition

1 0-40 Low
2 40-60 Medium
3 More than 60 Rich
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21- Vegetation Health Index
22- Standard Vegetation Index
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Figure 3. Changes in surface runoff during the period
2003-2016, Hamedan Plain
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2003-2016 in the Hamedan Plain
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Table 2- Classification of drought indicators based on
drought severity

Drought classes TCI/VCI/VHI
Very severe drought <10
Severe drought <20
Moderate drought <30
Mild drought <40
Drought > 40
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Table 3. Classification of standard vegetation index
based on drought severity

Drought classes SVI
Severe drought 0-0.10
Moderate drought 0.10-0.25
Mild drought 0.25-0.50

Normal 0.50-0.75
Favourable 0.75-1.00
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Figure 5. Vegetation Condition Index (VCI)
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Figure 6. Temperature Condition Index (TCI)
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Figure 8. Standard Vegetation Index (SVI)
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Table 4. Long-term average of drought index values for
Hamedan city

Index Value (%)
VCI 04
TCI 0.44
VHI 0
Svi 0
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Figure 7. Vegetation Health Index (VHI)
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Figure 9. Vegetation health index classification map
based on NDVI index - Hamedan city
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